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library(tm)

corpus.raw <- VCorpus(DirSource(directory = "federalist", pattern
corpus.prep <- tm_map(corpus.raw, content_transformer (tolower))
corpus.prep <- tm_map(corpus.prep, stripWhitespace)

corpus.prep <- tm_map(corpus.prep, removePunctuation)

corpus.prep <- tm_map(corpus.prep, removeNumbers)

# A7 I VUHIO DIM GEEHEER)

dtm.pre <- DocumentTermMatrix(corpus.prep)

# AFIV7HYD DM (v ZFHEH)

corpus <- tm_map(corpus.prep, removeWords, stopwords("english"))

corpus <- tm_map(corpus, stemDocument)
dtm <- DocumentTermMatrix(corpus)
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DTM DAERK
b FEHE HEOHBHEEDONRY hr) ¥ LTRHET 5,
# THIDH A 2% HedR
dim(dtm)
## [1] 85 4849

# —HBE R
inspect(dtm[1:5, 1:5])

## <<DocumentTermMatrix (documents: 5, terms: 5)>>
## Non-/sparse entries: 0/25

## Sparsity : 100%

## Maximal term length: 7

## Weighting : term frequency (tf)
## Sample :

## Terms

## Docs abandon abat abb abet abhorr
##  fpOl.txt 0 0o o0

##  fp02.txt
##  fp03.txt
##  fpO4.txt
##  fpO05.txt

doooo
coooo

[eleleNe]
[ leleNe]
O O oo
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library(wordcloud)

dtm.mat <- as.matrix(dtm)

# B 12 3L O HEE

wordcloud(colnames(dtm.mat), dtm.mat[12, ], 20)
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tf-idf 12 X 2 EHEGE D

P tf-idf: FPEDETHIINT 25, MOETIIZHE Db
AL R TR =

dtm.tfidf <- weightTfIdf (dtm)

dtm.tfidf.mat <- as.matrix(dtm.tfidf)

# % 125 OEEFE N v 7 10

head(sort(dtm.tfidf.mat[12, ], decreasing = TRUE), n = 10)

## revenu contraband patrol excis coast trade per
## 0.01905877 0.01886965 0.01886965 0.01876560 0.01592559 0.01473504 0.01420342
## tax cent gallon

## 0.01295466 0.01257977 0.01257977
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HH DREGE

P NIt T 4 Y TR ELR S THEEEE (upon,
there %) CIHFH T %,

# 27 2V ZHIDITEIZ

dtm.pre.mat <- as.matrix(dtm.pre)

# WBSEE (1000 3EH7-0) 122k

tfm <- dtm.pre.mat / rowSums(dtm.pre.mat) * 1000

words <- c("although", "always", "commonly", "consequently",
"considerable", "enough", "there", "upon", "while", "whilst")

tfm <- tfm[, words]
# BIHIDEE D F NUAT (Hamilton=1, Madison=-1)

hamilton <- c(1, 6:9, 11:13, 15:17, 21:36, 59:61, 65:85)
madison <- c(10, 14, 37:48, 58)
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author <- rep(NA, nrow(tfm))

author [hamilton] <- 1; author[madison] <- -1

author.data <- data.frame(author = author[c(hamilton, madison)],
tfm[c(hamilton, madison), ])

# 4 DOREER AW AREREIEE 7L
hm.fit <- lm(author ~ upon + there + consequently + whilst,
data = author.data)
# ZETHOX (disputed) DTl
disputed <- c(49, 50:57, 62, 63)
pred <- predict(hm.fit, newdata = as.data.frame(tfm[disputed, 1))
pred # 2 THDETHIUEYT 1 VY ¥ OAREMEDTE W

## fp49.txt fp50.txt fp51.txt fp52.txt fp53.txt fpb4.txt
## -0.99831799 -0.06759254 -1.53243206 -0.26288400 -0.54584900 -
0.56566555

## fpb5.txt fp56.txt fp57.txt fp62.txt fp63.txt

## 0.04376632 -0.57115610 -1.22289415 -1.00675456 -0.21939646
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LOOCV DELT

P 1OOT—=RZRVTETAZFEE L, bRV 1 0% TS
52 ZDiIRL T, EFADILEREZ FHE S 5,
n <- nrow(author.data); hm.classify <- rep(NA, n)
for (4 in 1:n) {
sub.fit <- lm(author ~ upon + there + consequently + whilst,
data = author.datal[-i, ])
hm.classify[i] <- predict(sub.fit, newdata = author.datali, 1)
}
# IFER

mean (hm.classify[author.data$author

11 > 0) # Hamilton

## [1]1 1

mean (hm. classify[author.data$author

-1] < 0) # Madison

## [11 1
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P FTEINTAZUY: BELIh TR EZBEL L.
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> IR NCFE. A by TU— REIBR, XTIV IRED
HE,

P DTM / tf-idf: HEEOEBRE L EANMNITT 5,

P BEWHTE: HEEOMHAAR—YOBEWEFHLT, RHOX
HOWEEZE L HEINCTHITE 5,

P REZHMY: =7 VOEEMN L FBINCEHIET 5,
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